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FERE— . HERBFE Probability and Statistics

AT s AN B

SR EEEAE

FIRZED : EAM

RAE . 92000 (fREE 200 AAEFRER ; BHAZZ AN EC75A)

FaraR Al © 213

BRES X

BERT - HEAIUERE

R - B MF 14:30-17:30 #BPURR £ 20:00-22:00

BREIFRE2/20 20:00-22:00 ~ 3/6 20:00-21:00 ~ 3/20 20:00-21:00 ~ 4/10
20:00-21:00 ~ 5/1 20:00-21:00 ~ 5/15 20:00-21:00 - 6/5 20:00-21:00 #R L&&

=

BRI ER[E 4/17 14:30-17:30
ERHRER™M 6/12 14:30-17:30

Z=iE FRRMUE : NTU cool ¥ &

RIEAE

ERABEBNHEA - B50REEF1ILHH -

e
1. Experiments, Models, and Probabilities

1) Applying Set Theory to Probability
2) Conditional Probability
3) Independence

2. Basics of Random Variables

1) Definitions

2) Probability Mass Function (PMF)

3) Families of Discrete Random Variables
4) Cumulative Distribution Function (CDF)



5) Probability Density Function (PDF)

6) Families of Continuous Random Variables
3. Random Variables and Expected Value

1) Conditional Probability Mass/Density Function
2) Probability Models of Derived Random Variables
3) Variance and Standard Deviation

4) Expected Value of a Derived Random Variable
4. Multiple Random Variables

1) Joint Cumulative Distribution Function
2) Joint Probability Mass/Density Function
3) Marginal PMF/PDF

4) Functions of Two Random Variables

5) Conditioning by a Random Variable

6) Independent Random Variables
5. Sums of Random Variables

1) Expected Values of Sums

2) PDF of the Sum of Two Random Variables

3) Moment Generating Functions

4) MGF of the Sum of Independent Random Variables
5) Random Sums of Independent Random Variables
6) Central Limit Theorem

7) Law of Large Numbers

p

\

Z2EH

B Probability and Stochastic Processes - A Friendly Introduction for Electrical

and Computer Engineers," Second Edition
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1 114/2/20
2 114/2/27
3 114/3/6

114/3/13

114/3/20

114/3/27
7 114/4/3
114/4/10

114/4/17
14:30-17:30
N 114/4/24
B 114/5/1

114/5/8

114/5/15

=
SN

114/5/22
114/5/29
114/6/5

A 114/6/12
14:30-17:30

=

=

N
2 |
ER
N
)
7]
10 |
11 |
14 |

AR EH T

TECTET
i - EARERER

RN L

MR OB T 1 BB B e

BEMSERY - RAESTREB (CDF ) 4%

RESEH (PMF) - BEEUE R
BERUER D1l ~ R E R BPDFEAE
il 2PNl

EERERD M || EHEE |

HAZZME ||~ BB B RS ~ IR
vaNiil e Sy

HhTE

BaRERoh - BRERD M

MMERSH N ZIRHER D AR
R (B AY)

MEREE 2N - BEBREMGF « Z1E
WE % 5 SR ER ch R PR e 32

ERER[

=N

_ TTRERIEE

HARIE

20:00-22:00%% L@ =R

20:00-21:00 EH 4R L&

20:00-21:00 [E)F 4R L&

20:00-21:00 EH 4R L&

20:00-21:00 F& 4R L&

20:00-21:00 [EF 4 L&

20:00-21:00 [E 4 L&

B RESERIEEG0%) - HPREFEME(25%) - HIARREIEAME(25%)



FEREZ : ATEZMIE (Al Ethics)

AT s AN B

FRR R | RBAE
FRIEAM . HIEE
PERABL . 92000\ (FREBLOOAAARERER ; (BIARZ A EC75A)
FERARAI BT
RRRES 1 P
gL REEE

E R AMBERE . BB L
fMES - BERWIRELE
m [Pk EREE : §8=1520~18:10
B =P ERUE
n
n

SBRBEBZEARYRONEG - ARBLE

RRIEAGE
ERNBEABHLLA : B10R2EF1IZHA -

AR 1Bk 221

AR EEEFRBERB R RBAIBRERMAEBAMS KNME - BRETEHE -
BT H%%ﬂﬂi——i“ BB BAINGRREELLKERGEREE - DR E2MESHOERE
= - KRR BBAIE RIAGRM 2 MU BAINTRAIZORR - #E - RERTARRE
%D;Ei%%;iﬁ’ﬂ%ﬁﬁ WA A AIBTFTS KA EHRBUGEER—RE - I - KRR
AIERZ BTN AREFEBHE - FRAKSR - MBEBEENAEAES - MRIZIMR
Nz - URSHEXFNAHSHEEMIT IR - RE - AREHGERBERHEE
AICHMEBERBMEEFZBNAITRR L THBRGE -

Z2EH

W

1. Borg, J.S., Sinnott-Armstrong, W., & Conitzer, V. (2024). Moral Al: And How
We Get There. Random House.

2. Russell, S., & Norvig, P. (2021). Chap. 1 & Chap. 27. In Artificial intelligence: A
modern approach (4th ed.). University of California, Berkeley.

3. Gabriel, I. (2020). Artificial intelligence, values, and alignment. Minds &

6



Machines, 30, 411-437. https://doi.org/10.1007/s11023-020-09539-2

4. Russell, S. (2019). Chap. 7 & Chap. 10. In Human compatible: Artificial
intelligence and the problem of control. Penguin.

5. Vallor, Shannon (2016). Technology and the Virtues: A Philosophical Guide
to a Future Worth Wanting. New York, NY: Oxford University Press USA.

6. El45.585588(Kate Crawford) (2022) - 55— - = - [I& - B (ALEEZEREN
WE) - BESE - pp. 71-108 -

7. T fR(Taina Bucher) (2021) - £ — - — - A% - 1B (HBEFNWEE | 5H
EPRENBUREESN)  EBmBENSE -

8. #EELn. LY T(Virginia Eubanks) (2022) - =0 A% - 8 (HIHE
) - BRLM -

9. ElA.BREM(Cathy O’ Neill)(2109) - 5— -~ +& - LB (AXEBHHIEL R
8) - KRELhk -

10. 49 #&(Yolande Strengers) &2 k. Hi## (Jenny Kennedy) (2023) - 55—~ —
5. (BEZT)  BGIRRBRIBURL -

11. E= B85 E B\ (Nick Bostrom)(2016) - 55+= - +U - +HE - B8 (BE
2) - JUEXIE -

12. HEE(2023) - (AITEERTHMBERR ZEARRH) - (B - BEEM
Z) =7 37:167-220 -

13. H15%5(2024) - (AIFRBRENMIEES . BEERREMNNE) - Pk (B
EMMRE) FHES54651H - E1-68 - DOL:
https://doi.org/10.7015/JEAS.202403_54(1).0001 (THCI/TSSCI)

14. H{1E(2024) - (NI EBZZFREZAERMENRE ? ALTERTAEZRS) -

(BHREAHNEE- "%, ZERBNRRE) - AmES LR - ISBN: 978-626-

393-008-7
R E A KA
RIZAE

8 114/2/19 ERERBEAIBRSE[GNT Azt Slido, TttC

A 114/2/26 RIBEEAHZHEAIBRMEREH T ORIESlido, TttC

s 114/3/5 AIERIBIHERE 7 48 2 fim B2 e 2 RIR2E0 - BREER LRSI Ww1EN
CE 11473712 AR (RIZEAMT S AIR2E0 - BRRER LR Em1EN
S 114/3/19  ABREARMSABAM Z @B AIR2E0 - BRRER LR Em1EN
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https://doi.org/10.1007/s11023-020-09539-2

N 114/4/23

B 114/4/30

EEERTE
PR 114/5/7  AIEVESIE(F 2 MIZET B
EEERTE
R 114/5/14  AREIERIEB(E 2 145
U 114/521 Al TREXR Y HEEE
B 114/5/7  REREHEBHRAREET

114/6/4  HRHBEERS

AINEERBIEZ MR TR

Rer ~ R AR

AINEIZRBIEZ MIBAML TS ¢

AR EH T

114/3/26  AEBARHT BREAL 2B
114/4/2 ~ BEHREE
BN 114749 AEABEERR?

114/4/16 ~ HpEB

AIR2E0 - BRRER LR Em1EN

mik2eEn - BRRER ERSFm1EN
BIX2EN - BREAR ERIL1EN

REFIDEFEEN
IRERZEN 2 B AR EM Y 79

Y
i
i
}
1
pafllg
cu
TR
/
b
S
{8

)
g
°

30 %

EXEERBAGNBALE

IBAR DIRAN A HET mA ARV

2 RES BT R 30%
" ° =1s% -
3 HAch = 15 % Take home exam 24/)\fF -
B RN BERI A R
FEENAIREZEDIREOTHES -
4 iR MAEE RS 25 % * T ’

BEEFI510% -
A0 1E15% -

AR B AN




FERE=  EAANATEZAXER (Introducing

Generative Al for the Humanities )

AT 2 AN B
B FRER SRR
W FEREED . EEFEl
B JIARAR: K92000A (RELOOAMAGRRER ; G2 A DEC75A)
B FRRARA : BIEER RAMLEHBEEESE) (F£1)
B ERES D X
B ORESI REUERE
B ERBEHMNBLE BRESBERMR - WEMT Al BRZE - LEAK

RIEANHSEEMARREZHAALE -
Bz EERERE ;9 14:20-17:20

IR ERRUE

RIEEE

ERABEBHLLS . B2028EF1IRHHA -

AR 1Bk 221

fEEAIRRMAERS R - ABHENSEBOERRSE 7 ARBENEE - £zl Al
MFREASIKEERNBTRIBES - FREMBER - HEEHBEIF LUEA AL SR
HBVE 7 EPRE -

ARERZR BT A BHAVBEERETRI Al ATEABRARR - EABLHEBER -
B—RAR LRI APINERRBFFZ AR - REJRBGUARBZOERLR - LEH
B AR BRI AGE R Al RENERRARE  WEREAXETERBNEFERE - R
EXETZE BEAEE  BELRAEHAIFSES -

UERDEZ@RXAHMBE - L MERHEESE)

1. Raschka, S. (2024). Build a Large Language Model from Scratch. Manning.

9



2. Pai, S. (2025). Designing Large Language Model Applications: A Holistic
Approach to LLMs. O Reilly.
3. Porter, L. and D. Zingaro. (2024). Learn Al-assisted Python Programming.

Manning.
4. 5 (2024). Al tHRHE

AR AE Y A KA

BRENEFAA. X TFXE.

[ 114/2/20

s 114/2/27

3 114/3/6

114/3/13

< 114/3/20

114/3/27

A 114/4/3

114/4/10

114/4/17

S 114/4/24

B 114/5/1

Y EAARS

BENSHE

MEMLAIRERE | BRES
2 (1) (Prompting LLM)

MEMNAMRE R  BRpES L
2 (2) (Prompting LLM)

ZEMNAIER/ DR EE (RAG and
VectorDB)

ZETTAIREEIERE SR (Fine-
Tune)

ERTAI /KBRS R
Embeddings explained
(MIR)

ERMTAI /ABESEERIE (2)
(Transformer explained)

ZURIE (1)

ERFAINZEZHBIEE (1)
(Speech and Multimodal LLMs)

£ R EVAIRNEAT B F 24EI/E (Artistic
and Musical LLMs)
15 24 51 e FH R (Evaluation and

Benchmarks)

10

RISE - FEBEREGoogleltk
5% o



EEMTIAIRE () —E&51FQ1)

A 114/5/8
(Compound Al)

BEEMTIAIRE ({5 ) — &SR (Q2)

1Ef 114/5/15
(Compound Al)

iU 114/5/22  ZEEMEE Guest lectures
ABEGFHRIER | ABREELERE
#® (Digital Avatar,
Humanoid/Alignment and Ethical
Al)

ERIAERMERE :

i 114/5/29

1. #BREAFBEEERET  SEHASERRREMNEERZER
BEEP - BIRBERR -
. BREIERIE - BRIENEELR -
3. WEIERRFEERMNER  ERERUEIERE E BB Rk
g WEREAXEBEIAETESE -
2. BRERANTESH  REERMOE  HPBLEE—PTE=LIR
FTEE -

9 114/6/5

PR E T T
m RELHENNTOE 20%
BEREBIER 40%

u HH;E—J‘WEI/\ 40%

ERAENAUSREMASRE -
R T 22 5K

B ERLCEMERNATESNRESRE -
B ARERMH Nvidia RES2EERTE (FFRd ) - AEEBSENEER - FIEL
EAR - WRARRIES 13-14 BARSHEG R EREHIERER -

III



AERIKEAALERAPTRAZENRELRAEE - 0FER

HERBR MR HE2RR RS R RUFTERFHR R HEHEPO
BUARR FREIXE AR BRBR THEESER ARRESLRU2E HEBRRRAM
ERER EEBR MBRESERBMARM  FHER
HERR AEBR MBEMBER
|¥i@1ﬂ5$%\ HEEBEXRR ERRERER
EIRERMRAA B ERRAR EREEER
AR CE L AR MR
PNEEBRTA EEBBRLT B
FFBERE SRt HINEESRR
FEIAREIRSERE #WBRER
RIHRERE EE&ERER
BRIBR
L
BEXBEMRAR
MEE B UusE

12



FEREN : £ Al : XFHEEBERRRIEEET
( Generative Al: Text and Image Synthesis Principles

and Practice )

e A SR
B FARER  BUAKE
B FIRAED  ZKEE
B IIARAZR : 292000 A (IREBFZRER 500 A ; (FIERZ KD EC75A )
B FRAA  ELRE (KRB EEH)
B ERES P
B EREAST . R UERE
B EERHERMBLRE  BEREEZEAMT - HEMT Al 2GE - FBAMERERRE

HENE - BIFNE -
B4 = FERISE © 838 16:00-19:00
=i FERIE : Facebook [ MK AERET L]
https://facebook.com/groups/nccumathonline/
B REHER:
ERAZEABN LR - & 25 BELEE 1 BB (EH)

Ao A A6 1L

TERI Al XFEEGERNRIBEER | 2—FI%REERRELEBFLBORE -
BELHRERATREMT Al WETEBRANZEEMR - Am# Al NREEERER
HIE - RMOMELZAEPIRE - THEEBRFZENT Al (UEIRCTIEE - BERSEE W
AHBES - GAN ~ Transformer ~ KEFESHRE! - RAG - Al Agents - Diffusion Models %
At - W3R T A OpenAl APl ~ LangChain ~ HuggingFace & AutoGen &% -
X FERR BB G EMNZIXER -

RRAE B 17

1. EEAE T Al 9120810 - BIEH&HEE « GAN -~ Transformer ~ KEIZESIE
&) - RAG - Al Agents - Diffusion Models % -

13



2. ERERZETEMMEL - 4110 OpenAl API ~ LangChain ~ AutoGen -
HuggingFace ~ Fooocus - TEZXREMT Al FBA -

3. BRETEMTU Al UL S BERIEPLE - R EEEEBEE R L RIMBRGE -

4. THREAER  BESMEAS  RETUERRA—EERNENRI Al 24

RRIZ TS B

B EFR#HENASERE  EHSREBROERRIBLS  ZLRALERELEER -
BERE  HEWRAE . REDPREM Colab £TENEF - L EMBIERIER
BIESE - BEEM -

BRERRMBI  REEOENR AIREETR - 21 Al 8RB -

B ZTENERER  REABSRFEMN - BBREM - HEEHEEEA - Agentic
Al EZ(EAL -

B REEERNE . AREXMSIE  B5IEREEMIAINHSEER - 8

rTREEMER AL -

k1=
B FEEFRER  HREZSZEERRRAERRNA
AR AE Y A KA

BIERE
. SREEHANSEN  AHBEEREE

0 114/2/18  BERAGEERT Al G =
RS Mt Al 7142 Colab &M B R R

BT EREENZOBE (BN 2
A 114/2/25  fEEBENOEE BROANE ) ~ AERREEROEE B

E—ERSERY MNIST FREF D4R
ITAABAEREFEMT Al REREM
HINAEE (GAN ) - 855 GAN B&ERL

S 114/3/4 ERETAEEE (GAN
13 PR (S [R32 - ERREREA - RBTEER

ABEERNERER
NXFER Al EREE - 83 RNN
114/3/11 FEM Al BARESREA
n 3 CFER s K transformers B " iCE 4 AOAEH

14



o 114/3/18

114/3/25

7o 114/4/1

114/4/8

114/4/15

N0 114/4/22

NS 114/4/29

A 114/5/6

el 114/5/13

8 114/5/20

iy 114/5/27

a9 114/6/3

RNN & transformers RO 2[R
8

REGESHEL (LLM ) NERK
2R IR EL

FTEEHCHHREERA

REIBREM ( RAG ) WRE K
BfF

BXBRE
Agentic Al £2 Al Agents

BoBEMmiEas (VAE) RBNE
% ik iE

Diffusion Models EA[E{& 4 A,

XEFEE Al HWREBREE
Diffusion Models #P& I 78

Fooocus EEE1&E R

M EEANPRBEARD =

KN - K seq2seq HE - AHRAE
Z£RIE

RNN & transformers ROEEE =7
25 - ERERIBEES - B
AR ANENRRE
HEBRWARBESER (LLM) - BR
R - RfaEEBEN®

£ F OpenAl APl - BRXHA
fIEE O EESRE A

RAG M= ~ BERMBREE A4S
57 - BfFER LangChain 1
RAG %4t

X(REZRHZ RAG EERl EHIFER
EAkE

fTEEZ Al Agents ?RETERE

19 Agent - /148 AutoGen HEZ231
%mﬁ%ﬁﬁmﬁﬂ

R VAE WIRIE - KRBT EERY

BENEL  SRAEGER AW

B28E

7748 Diffusion Models fFI/RI2 - &

EMIEBIE - U-Net 2BHIRIRS

=

AR TIER , BREBANXEN

CLIP %22 . FEMNEBRER Al 15
VRERAR

Latten Diffusion Models, LoRA,

ControlNet &=

N #A537E WebUI #£22 Fooocus -

f# /A Stable Diffusion &B8/REHE

& 2B 1F



AR EH T

* ERFIETAUSREMASHE -
B EERRER75%

BRFFZHARFBHBEMBERN - BRIEFERND A 10 7 - BIERERREESHE R -
BREEFE M=K prompt MERSLERKENIEE  BTORS 3D -

B HRER:20%

fit

BEAFTTH—REEMAT Al BEAEE - BARDPZERAFISEN - DURBAANSH - &
EREZLNMPRERSFE - WHRBRIMNID -

B ERSE 5%

FENEERE THE KESHERE - FHLREH - SHEFEWES  BEZIAZ

=

=,
m ERSMND

mea PIEF L ZHE - FEMUERERS AR ERSE =K - M5 2EANR
& nZEECHERI Al BEELE - BREREZIUER S URENSE -

AR 220K

1. EfER Google Colab EIRZE&E¥ & - FRIZEBHFBECH Google 1RIE - ANREHN
TEEEZREMMES B ERECHRIEE -

2. & FEEX) K https://platform.openai.com/ & OpenAl API 89 credit -
EZ 5 ZENTERHARAENEK - REFRMAEESTRUEMRENSE - BEA
OpenAl API TIBEEEEE A B (FAIE R M AZBENBNEE) -

3. FFER AT UNE - SRR LRfFm - NEEEDEREMT AIELE - &
e ACEZRN - AREZEMT Al R2 - ERARBESRERE  AMBEREF - &
EEHEN - SEMNPDEZEE N —E prompt BBEELRIGER - EEZEFFES AL

EEH -
16



FER1ESD . XEEE (Deep Learning )

AT s AN B

B FRER  BIRRERE

B FRHE . XFE - KR #RY

B PIARAEL : 291000 A ((REAFIFRE42100 A )

B FRRARA  BREERE - KB EOJEE

B RS ¢ B

B RESI HEIRE

B EERBEHEIBLEE . &

B [EDiEEE EERIGE ¢ [0 12:20-15:10

B ERRFRRIE

B RERER:

B EBRABEBALLS : 5 15 22EF 1 AP -
AR A A6 1L

YRR PSR E SRR RRR e REE TS B REER  BEELEE
BN EEEERER  nECRARESE -

The instructor will guide students through the latest international developments in
deep learning methodologies and applications. The course will cover theoretical
principles, mathematical derivations, and practical applications. Students will gain

hands-on experience with deep learning tools.

1) TRREEER MO BERE
(To understand the maths of deep learning techniques)

(2) ABFEEBBTHE (AW PyTorch » TensorFlow % )
(To familiarize with deep learning tools, such as PyTorch, TensorFlow, etc.)

(3) HEIREEIBIXIMHNEMEREKEEH
(To understand the latest developments and applications of deep learning

techniques)
17
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\

ZZ2EH

1. 1. Goodfellow, Y. Bengio, and A. Courville, Deep Learning, 1st Ed.,MIT Press,
Dec. 2016
2. 2.R.S.Sutton and A. G. Barto, Reinforcement Learning: An Introduction, 2nd
edition, Nov. 2018

AR AE B KA

1 114/2/20

N 114/4/24

B 114/5/1

11472727
e
20
114/4/3
' 4o
. e

RIEAR
NMARE R R R E
(Introduction & Machine
Learning Basics)

ZIER i

(Deep Networks)
EEMPARE
(Convolutional Networks)

Transformers

Introduction to Reinforcement
Learning

AR AR EA B B AR 2R
(Linear Factor Models &
Autoencoders)

(BHRER)

Valued Based Reinforcement
Learning

ERE R
(Diffusion Models)

REERIZ
(Normalizing Flows)

Policy-based Reinforcement
Learning

18

BEE(ERD)

Lab 0 Warm up

Lab 1 CNN

IR BB IRt A A B
(Recurrent and Recursive Nets)

& AL AR RS

(Generative Adversarial Networks)

Lab 2 Discrete control (Games, e.g.,
Atari)

Lab 3 Diffusion (+GAN)



1A 114/5/8 Offline RL
ERN 114/5/15 EHHERERS
UES 114/5/22  EfERESS
HR=Z
(Final Exam)

IR 114/6/5 fe FEHE 8

i 114/5/29

AR EH T

B 4 labs (doneindividually) 80%
m  Final exam 20%

AR AT 22 0K

B You must have access to GPU equipped with at least 6GB of memory.

19



FERIEN  HBEMBERR ( Robotic Navigation and

Exploration )

= AR
B FARER  BIEEKRS
B REHE . PEE
B IIARAZ . A1000A ((REBFAZRER 60 A ; GIARASELLI00A )
B FHRAR  BEEH
B BRES . X
m RESI . BREHIRE
B EERDGEHMBLE . E1 S - BigERNAEE -
B [E5iRE RS F‘ﬂ—HﬁaJ:6'30~9'20
B R RS BIBEEARBEEFELIOHAE (EIRE

meet.google.com/wbh—0|hg—an )
AEAEE
ERABEMHLES . 5 10224F 1 20 -

AR 1Bk 221

KREEEAS B =RBEENES \%J%EDH—:LM BB E(SLAM) « ER#REH

5 518 # (Scene Understanding) 2 fi}rLE’\JEM’H"“%U(Actlon Control) - BNAS B it e
HEEE D z’frlz?’fﬁiﬂffﬁffrk’fi - MBEERFREEE ZRGB-based
BI3DSLAMZS A - SRIBREME S ET%””%%’E’\JEZKW - BRI ERER R
EHuE’J#WﬁHE/EJ,\EETHJEU?%TJ BEEHINES 2 S BRECRILAEMEEE - WH
NB{EEBRBIRK 51 BT EN R

W

=£H

1. Richard S. Sutton and Andrew G. Barto, Reinforcement Learning: An

2. Introduction, Second Edition, MIT Press, Cambridge, MA, 2018

3. Sebastian Thrun, Wolfram Burgard, and Dieter Fox , Probabilistic
Robotics,2005. (Intelligent Robotics and Autonomous Agents series)

4. Kevin Murphy, Machine Learning: A Probabilistic Perspective.
20



5. Daphne Koller and Nir Friedman, Probabilistic Graphical Models: Principles
and Techniques, 1st Edition, 2009.
6. lan Goodfellow, Yoshua Bengio and Aaron Courville: Deep Learning.

R IE A K AT

Introduction to Robotic Navigation and
B 114/2/17 _
Exploration

Kinematic Model and Path Tracking Control
Control System Basics
PID Control
p 114/2/24 Basic Kinematic Model Lab 1
Differential Drive Vehicle
Pure Pursuit Control
Kinematic Bicycle Model
Motion Planning
Motion Planning Introduction
Path Planning
3 114/3/3 . Lab 2
Curve Interpolation
Trajectory Planning
Path Planning

Reinforcement Learning ()

MDP
114/3/10 Value Function

Bellman Equation
Reinforcement Learning

Reinforcement Learning (Il)

5 114/3/17 < Q-Learning/Sarsa / DQN
< Policy Gradient / Actor-Critic

21
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B 1147324
114/3/31
DR 1147477
I 114/4/14
114/4/21
114/4/28
114/5/5
114/5/12
114/5/19
114/5/26
114/6/2

AR EH T

Project Environment Building (1)
Project Environment Building (1)
Project Environment Building (l1l)
SLAM Back-end (1)

< State Estimation and SLAM Problem
< Probability Theory and Bayes Filter
< Kalman Filter / Extended Kalman Filter

SLAM Back-end (Il

< Graph based Optimization
< Graph Optimization for 2D SLAM (Bundle
Adjustment)

3D SLAM(])

< Feature Descriptor
< Multi-view Geometry
< Lie Group & Lie Algebra

3D SLAM (1)

< 3D SLAM: ORB-SLAM
<$ Direct Method
< DNN-based SLAM

3D Embodied Agent
Paper Presentation (1)
Paper Presentation (Il)

Project Presentation & Demo

E2£: 60% (15% for each HW)
MmN EEHRE(10%)
BEHEAAEE(ZEF EEHHSE - HEHRSE):30%

22

Lab3
Lab4
Lab5



R T 22 5K

" EEBEBETEEPythonER B  HEEE  FEEET -
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